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ABSTRACT 
 
The use of social media now plays a crucial role for companies in interacting with customers. However, less than 50% 
of businesses have successfully utilized it effectively. The main issue is that the content is uninteresting and irrelevant, 
leading to a decreaced in customer engagement. Therefore, this research aims to determine whether AI-Generated 
Content can enhance customer engagement on social media. This research was conducted by distributing questionnaires 
to residents of DKI Jakarta, Indonesia, who have purchased products marketed through social media (TikTok and 
Instagram), where the content generated was AI Generated Content. In this study, a total of 494 respondents were 
collected. This research conduct using the customer engagement in social media framework (CESM) combined with 
several other variables that support studies on customer engagement. This study demonstrates that AI-Generated Content 
(AIGC) significantly enhances customer engagement on social media. Increased social interaction and hedonic 
motivation effectively address challenges on social media by generating content quickly while maintaining visually 
appealing quality. Additionally, the improvement in satisfaction, influenced by increased commitment and trust, can 
trigger active customer interactions, ultimately boosting customer engagement. Meanwhile, positive emotion has a 
relatively lower impact, as customer responses to AIGC's ability to provide relaxation and humor are often not very 
strong. Based on the research findings, it is hoped that business owners can address various issues that arise during the 
marketing process by understanding the potential and limitations in the creation of AI-generated content.  
Keywords: AI-Generated Content, Social Media, Customer Engagement, Customer Interaction, AI Content 
 
1. INTRODUCTION 
 

In the digital era, social media has evolved 
from a communication tool into a key marketing 
platform. Platforms like TikTok and Instagram help 
brands boost awareness (69%) and website traffic 
(52%) [1]. Social media is essential for businesses, 
with 77% using it to maintain customer connections 
and 41% of small business owners relying on it for 
revenue [2]. Despite its importance, many 
businesses struggle with effective social media 
marketing. Research shows that over 50% of 
companies fail to utilize it successfully [3].  

 
A December 2024 survey of 118 Jakarta 

residents found that 60.2% were not engaged with 
the content displayed on social media.  The causes 
of low customer engagement with social media 
content are outlined in table 1 below. 

 
Table 1: Causes of Low Customer Engagement with 

Social Media Content 
No Reason Percentage 
1 Unappealing content 29% 
2 Irrelevant content 21% 

3 Monotonous or non-
varied content 

17% 

4 Ambiguous or 
insufficient information      

13% 

5 Fails to follow current 
trends              

8% 

6 Others    13% 
 
Based on tabel 1, it can be seen that the 

cause of low customer engagement on social media 
are unappealing content, both in terms of visuals and 
suboptimal editing quality, which accounts for 29% 
of the cases. Following this, 21% of customers find 
the content irrelevant to their interests and needs. 
Additionally, 17% of engagement issues arise due to 
monotonous or non-varied content ideas and overly 
frequent repetition of theme. Ambiguous or 
insufficient information is another factor, 
contributing to 13% of low engagement. 
Furthermore, 8% of cases are caused by content that 
fails to follow current trends. Lastly, other 
unspecified reasons make up the remaining 13%,  
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Other research shows that the failure of 
social media marketing is often due to irrelevant and 
unappealing content [4]. Key challenges include 
difficulties in creating engaging content, 
maintaining consistency, differentiation, and 
quality, as well as aligning content with internal and 
external needs [5], [6]. These obstacles reduce 
customer engagement on social media. A survey also 
found that brands struggle to build engagement due 
to a lack of relevance and authenticity in their 
content [7].  The decrease in engagement can be seen 
by survey conducted by haws in 2020 [8], which 
shows a decline in interactions on social media 
platforms TikTok and Instagram. 

 
The decreased in engagement is evident in 

social media trends. By late 2023, Instagram saw a 
50% drop in interactions compared to early 2022, 
while TikTok experienced a 39% decreased. Video 
marketing has also suffered, with views on 
Instagram decreasing by 49% and on TikTok by 
26%. This decreased is due to brands producing less 
engaging content. Engagement on TikTok dropped 
by 35% in the past year, while Instagram saw a 25–
45% decrease across different post types, including 
photos, carousels, reels, and videos [8].   

 
This decreased engagement negatively 

impacts businesses by reducing purchase intent, 
brand loyalty, and trust [9], [10], [11]. It can also 
lead to lower shareholder value and revenue [12]. To 
counteract these effects, many businesses are 
adopting AI-generated content (AIGC). A December 
2024 survey of 118 Jakarta residents found that AI 
was used most for content creation on TikTok 
(75.4%), followed by Instagram (59.3%). AI 
systems mimic human intelligence by learning, 
planning, and processing information, enabling them 
to generate high-quality content efficiently [13]. 

 
A 2023 McKinsey survey found that 22% 

of professionals across industries use AI regularly, 
with 14% applying it in marketing and sales for 
content creation. AI is reshaping social media by 
automating content production, including text, 
images, and videos, improving efficiency and 
engagement [14]. Research highlights AI’s role in 
copywriting (76%), creative inspiration (71%), 
market analysis (63%), and image generation (62%) 
[15]. AI allows businesses to stay ahead of trends 
while maintaining engagement at lower costs [16].  

 
AIGC able to enhances brand performance, 

creativity, and cost efficiency, proving valuable in 
digital marketing [17]. Studies emphasize its role in 

language localization and its positive influence on 
brand awareness, loyalty, and purchase intent [14]. 
AIGC is considered revolutionary across industries 
[18], particularly in marketing and service delivery. 
By analyzing user behavior, AI-generated content 
fosters higher engagement [18]. The way content is 
presented impacts user interaction, where engaging 
content strengthens relationships, while 
dissatisfaction leads to disengagement [19].   

 
According to previous study, the use of 

AIGC has a considerable appeal, showing an impact 
comparable with the use of human influencer [20]. 
Besides that, with the ability to produce diverse style 
and formats make AIGC able to offers business 
owners divers content to enhance customer 
engagement. As a result, 49% of business owners 
started that content created by AI performs better 
than content made by humans [21] other survey 
states that 56% of respondents prefer AIGC over 
manually generated content and 55% respondents 
aged 16-24 are more engage with AIGC compare to 
human generated content [22]. This condition 
demonstrates the significant potential of AIGC. 
However, this positive response contrast with other 
studies that state if AIGC is often perceived as 
lacking authenticity and credibility that tend to lower 
engagement [23]. 
 

Despite these advantages, concerns remain 
about AIGC’s potential risks, such as factual 
inaccuracies [14] and ethical issues regarding user 
data privacy. Highly personalized AI-generated 
content raises questions about data collection and 
consent [24]. Ensure alignment between the content 
with the brand and customer also an important 
concern, which could undermine brand credibility. 
Research on customer engagement is essential, as it 
fosters loyalty, emotional connections, and long-
term brand relationships [25]. 
 

It is imperative to comprehend the 
relevance of this issue to research, as diminished 
customer engagement has the capacity to exert an 
influence on the effectiveness of marketing content, 
in addition to its impact on customer loyalty, 
purchase intent, and overall company revenue [9], 
[10]. Despite the growing global use of artificial 
intelligence (AI) in content creation, there remains a 
gap in the existing literature regarding how AI-
generated content (AIGC) contributes to relationship 
building and customer engagement, as well as the 
impact of technological, social, and motivational 
factors on this engagement [9], [26]. Particularly 
within a local context such as Indonesia, which is 
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characterised by its distinctive user demographics. In 
order to address these issues, the present study 
employs a variables based on a combination of 
previous studies. This study elucidates the 
contemporary phenomenon and employs an 
empirical approach to evaluate the efficacy of AIGC 
as a contemporary solution in the realm of digital 
marketing. 

 
 Although the utilization of social media 

has become a customary component of digital 
marketing strategies, the inadequate level of 
customer engagement indicates that a social media 
presence alone is insufficient to ensure marketing 
success. This issue remains salient, as customer 
engagement exerts an influence not only on the 
short-term relationship between brands and 
customers, but also on loyalty, purchase intent, and 
overall business performance [9], [10]. In this 
context, the utilization of AI Generated Content 
(AIGC) is becoming increasingly significant, yet it 
has not been the subject of extensive in-depth 
discussion in relation to its effectiveness on 
engagement. Consequently, a comprehensive 
conceptual understanding and theoretical approach 
is required to examine how factors such as trust, 
commitment, and information quality mediated by 
positive emotion and satisfaction toward AIGC able 
to influence customer engagement. Consequently, it 
is anticipated that this research will be able to make 
theoretical and practical contributions to the 
resolution of contemporary problems faced by many 
business people in today's digital era. 

 
Therefore, this study aims to examine 

whether AI-Generated Content can address existing 
challenges and enhance customer engagement on 
social media, particularly on TikTok and Instagram, 
which have experienced a decreased in customer 
engagement. This research will be structured based 
on models from previous studies in formulating 
variables to improve customer engagement on social 
media. This study seeks to answer two research 
questions: (1.) What factors influence the use of AI-
Generated Content on social media in relation to 
customer engagement?  (2) To what extent do these 
factors affect the use of AI-Generated Content on 
social media in relation to customer engagement? 
The research through this approach expected to 
provide new insights into the AI-generated content 
potential and limitations, particularly in 
understanding the connection among customers and 
brands through AI-generated content on social 
media. 

 

2. THEORETICAL BACKGROUND 

2.1 Social Media 

Social media remains a digital platform 
which promotes networking and information sharing 
[27], having an essential role to influence public 
opinion and decision-making [28]. Social media in 
the context of AI is essential to communicate and 
share AI-generated content with the public ([29], 
[30]. Social media transformed interactions between 
brands and consumers [27]; social media helps 
attract, retain, and interact with customers, which is 
crucial to fostering strong brand relationships [11]. 
Strong social media engagement is a crucial 
customer loyalty and brand influence indicator. By 
leveraging social media effectively, a brand can 
strengthen customer relationships, enhance brand 
visibility, and gain sustained customer involvement 
and royalty [31]. 
 

2.2 Artificial Intelligence Generated Content 

Generative AI (GenAI) is an AI subset 
focused to create diverse content, such as text, 
images, video, audio, and 3D models [29], [32]. It 
leverages natural language processing (NLP) to 
comprehend and construct human language and 
natural language generation (NLG) to generate text-
based result. Through the analysis patterns in data, 
GenAI creates realistic and complex content that 
imitates human-generated material [16]. AI-
Generated Content (AIGC) can generate product 
descriptions, edit images, and create short videos 
using user-inputted terms [14], [18], [33]. The 
implementation in media and marketing enhances 
customer engagement as a virtual assistant [34], 
establishing AIGC as an essential tool for modern 
marketing efforts [33]. 
 

2.3 Research Variables   

The selection of models and variables in 
this study is based on a combination of previous 
studies, where have proven relevant in measuring 
customer engagement on social media which is in 
accordance with the topic in this study. The use of 
the CESM model has shown how trust, commitment, 
positive emotion, and satisfaction can shape 
customer engagement on social media [9]. While, 
the other model develops more comprehensive 
factors by adding social, technological, and 
motivational factors. Based on previous theoretical 
frameworks, this research will combine several 
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variables to measure customer engagement [26]. In 
this study, there will be eight variables:  

 

2.1.1  Commitment 

Commitment shows customers' willingness 
to remain in a sustainable relationship, develop 
brand community interactions, and support the 
brand. [9]. In the social media marketing context, 
commitment is a psychological condition that drives 
individuals to take specific actions, like connection 
with a brand [11].   

 
2.1.2 Trust   

Trust in technology allows people to 
believe in expected outcomes [35]. In social media, 
trust shows user confidence in integrity, reliability, 
and data security platform. It gives consumer 
attitudes and influences engagement, whether 
positive or negative. High trust degrades concerns 
about privacy and security [36], developing active 
participation and engaging customer engagement. 

 
2.1.3 Information Quality  

Information quality shows the effectiveness 
in content satisfies customer needs and conveys 
intended messages [37], [38]. Information quality on 
social media is an aspect like relevance, competence, 
accuracy, and usefulness that become key to 
measures of satisfaction. Ensuring high information 
quality helps gauge customer engagement [39]. 

 
2.1.4 Hedonic Motivation   

Hedonic motivation relating to customers 
emotional needs, such as pleasure, enjoyment, and 
happiness [26]. The connection between hedonic 
motivation and AI utilization is assessed with AI 
generates enhanced pleasure and excitement, which 
can drive greater engagement [40]. Then, the 
hedonic motivation influence on customer 
engagement observed in the desire to engage in 
pleasurable behavior [41].   

 
2.1.5 Positive Emotion  

Positive emotions include feelings of 
enthusiasm, freedom of expression, and the 

anticipation of favorable outcomes. These emotions 
reflect a mental state shaped by cognitive and 
affective assessments of consumption experiences. 
They are believed to influence mindsets that drive 
behaviors such as hedonic values and customer 
engagement [9]. 

 
2.1.6 Positive Emotion   

Satisfaction is essential for customer 
engagement on social media, influencing 
connection, interaction, loyalty, and advocacy [19]. 
In social media satisfaction shaped by how well their 
needs and expectations are met. High satisfaction 
often correlates with loyalty [36]. 

 
2.1.7 Social Interaction  

Social interaction refers to the interactions 
among customers with goals to fulfil their 
satisfaction and needs [26]. Social media transforms 
traditional interactions into interactive dialogues, 
where these interactions become knowledge sources 
that help brand achieve customer engagement more 
easily, forming the primary process in building 
relationship networks [19], [42].   

 
2.1.8 Customer Engagement 

Customer engagement refers to customer 
interactions with a company's content, products, or 
services on social media, influencing marketing 
outcomes and relationships [43]. It involves active 
participation, such as clicking, liking, sharing, and 
commenting [36].   
 
3. METHODOLOGY 
 
3.1 Statement of Research Variable 

In this study, there are eight variables used by 
the author, which are commitment, trust, information 
quality, hedonic motivation, positive emotion, user 
satisfaction, social interaction, and customer 
engagement, which later will be distributed to 
respondents in the form of a survey as seen on table 
2. 
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Table 2: Statement of Research Variable 

Variables Indicators Sources 

Commitment CM1 I am willing to maintain a long-term relationship with brands that use AI-
generated content on social media (Instagram and TikTok). 

[44] 

CM2 I will continue to interact with brands that use AI-generated content in social 
media marketing (Instagram and TikTok). 

[9] 

CM3 I feel a connection with brands that create marketing content using AI on 
social media (Instagram and TikTok) 

[11] 

CM4 I care about the success of brands that use AI-generated content on social 
media (Instagram and TikTok). 

[11] 

Trust TR1 I believe that the way user data is used in creating social media content 
(Instagram and TikTok) affects my level of trust in the brand 

[36] 

TR2 I feel that AI-generated content is reliable, as brands will not spread digital 
footprints on social media (Instagram and TikTok) after I view the content 
presented. 

[36] 

TR3 I trust social media content (Instagram and TikTok) created with the help of 
AI-generated tools 

[9] 

Information 
Quality 

IQ1 I believe the information on social media content (TikTok and Instagram) 
created using AI-generated tools is accurate 

[38] 

IQ2 I believe the information on social media content (TikTok and Instagram) 
created using AI-generated tools is reliable. 

[26] 

IQ3 I believe the information on social media content (TikTok and Instagram) 
created using AI-generated tools is relevant. 

[38] 

Hedonic 
Motivation 

HM1 Watching various content created using AI-generated tools on social media 
(TikTok and Instagram) excites me. 

[45] 

HM2 I watch various AI-generated content on social media (TikTok and 
Instagram) to spend enjoyable leisure time. 

[26] 

HM3 I find pleasure in browsing various AI-generated content on social media 
(TikTok and Instagram) for shopping 

[26] 

Positive 
Emotion 

PE1 Seeing various AI generated content displayed on social media (TikTok and 
Instagram) makes me feel more relaxed. 

[46] 

PE2 I feel that the AI generated content displayed on social media (TikTok and 
Instagram) funny. 

[46] 

PE3 I find AI generated content featured on social media (TikTok and Instagram) 
entertaining. 

[46] 

Satisfaction SA1 I feel that the AI-generated content on social media (TikTok and Instagram) 
meets my expectations. 

[47] 
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Variables Indicators Sources 

SA2 I am satisfied with the AI-generated content on social media (TikTok and 
Instagram). 

[30] 

SA3 I believe the AI-generated content on social media (TikTok and Instagram) 
makes me want to recommend it to others. 

[47] 

Social 
Interaction 

SI1 With AI-generated content, I can interact with people who share similar 
interests through social media (TikTok and Instagram). 

[26] 

SI2 Interacting with others on AI-generated content through social media 
(TikTok and Instagram) makes me happy 

[26] 

SI3 With AI-generated content, I can meet new people who share similar 
interests through social media (TikTok and Instagram). 

[26] 

Customer 
Engagement 

UE1 I watch and view various AI-generated content on social media (TikTok and 
Instagram) 

[48] 

UE2 I would recommend various products and services created using AI on social 
media (TikTok and Instagram) 

[48] 

UE3 actively interact (watch, comment, like, or share content) with brands that 
use AI-generated content on social media (TikTok and Instagram). 

[49] 

3.2 Research Population and Sampling Design 
 
The respondents in this study refer to social 

media users in the DKI Jakarta area who have made 
purchases of products marketed through social 
media (TikTok and Instagram) where the marketing 
content displayed was AI-generated content. The 
reason why the focus of research was carried out in 
DKI Jakarta areas because it has high number of 
social media user. In 2022, social media in this area 
reached 70.35% of the total population. The 
minimum sample of this study was calculated using 
Slovin’s formula. The calculation can be seen below. 

 
Slovin formula: 

𝑁

1 + 𝑁(𝑒ଶ)
 

n = sample size 
N = population size 
e2= margin of error 
 
 

Minimum sample calculation: 
 

𝑛 =  
7,459,918 

1 + 7,459,918 (0,5ଶ)
 

n = 399,99 
n = 400 

 
Based on calculation above it can be conclude 

that if the minimum number of sampels is 400 
respondents. A total of 502 responses were collected, 
with 453 valid responses after eliminating bias and 
misaligned data. 

 
The present research employs a quantitative 

approach with an explanatory survey design, with 
the objective of testing the causal relationship 
between variables based on an existing theoretical 
framework. The rationale behind the selection of this 
design is its capacity to facilitate empirical 
hypothesis testing through the utilization of primary 
data obtained from questionnaires. The present 
research adopts an approach that has been utilized in 
previous studies, who examined customer 
engagement in various global industries using the 
meta-analysis method [9], and other studies that used 
PLS-SEM to examine consumer behaviour in e-
commerce in Malaysia [26]. Furthermore, other 
studies conducted in China utilised an explanatory 
design to analyze the influence of AIGC on 
psychological engagement and customer behavior 
[29]. This comparison demonstrates that the 
quantitative approach and the utilization of PLS-
SEM models have become pertinent and efficacious 
methodologies in the context of studies across 
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regions and industry sectors. This lends support to 
the validity of the approach in this study. 

 
A review of the extant literature indicates that, 

despite the growing utilization of AI-generated 
content (AIGC) in digital marketing, there remains a 
degree of uncertainty surrounding its efficacy in 
enhancing customer engagement on social media, 
particularly within the Indonesian context. The 
majority of extant studies have focused on users' 
perceptions or attitudes towards AIGC in a global 
context that can explain the relationship between 
AIGC and customer engagement. It is evident that 
further research is required to establish empirical 
evidence regarding the manner in which factors such 
as trust, commitment, information quality, 
satisfaction, positive emotion, social interaction, and 
hedonic motivation interact within the context of 
AIGC on social media platforms such as TikTok and 
Instagram. 

 
The present study diverges from previous 

research in several significant ways. Firstly, in 
contrast to studies such as [29], [33] which focus 
more on user perceptions of AIGC in general or 
conduct limited experiments, this study uses a 
quantitative approach based on a conceptual model 
that integrates psychological variables such as trust, 
satisfaction, commitment, and positive emotion in 

the context of using AIGC. Secondly, the present 
study was conducted in the DKI Jakarta area, which 
is representative of an active digital market in 
Indonesia that has not been specifically studied in 
the global literature. Thirdly, the study under 
discussion places particular emphasis on two 
primary platforms, namely TikTok and Instagram, 
and employs empirical measurement to ascertain the 
impact of AIGC on both platforms, with regard to 
customer engagement. It is noteworthy that this 
specific aspect has hitherto received scant attention 
in the wider academic literature, which has instead 
adopted a more general approach to the subject. 
Consequently, this study offers a novel contribution 
to the local and empirical understanding of the 
effectiveness of AIGC in increasing customer 
engagement on social media. 
 

4. RESULT 

4.1 Responden Demographic 

The data used in this study based on an 
online questionnaire prepared based on the statement 
of research variables in table 2. For the sampling 
method, purposive sampling is used because this 
study has certain consideration in sampling for 
certain purposed. The responden demographic can 
be seen at tabel 3. 

Tabel 3: responden demographic 
No Demographics Category Frequency Percentage 

1. Gender Man 189 37.6% 
Woman 313 62.4% 

2. Age < 21 89 17.7% 

21 – 30 266 53% 
30 – 39 103 20.5% 

> 39 44 8.8% 
3. Domicile South Jakarta 135 26.9% 

East Jakarta 113 22.5% 

Central Jakarta 89 17.7% 
West Jakarta 111 22.1% 
North Jakarta 54 10.8% 

4. Have made purchases of products marketed 
through social media (TikTok and Instagram) 
where the marketing content displayed was 
AI-generated content. 

Yes 494 98.4% 

A total of 502 responses were collected 
from the distributed survey. After eliminating bias 
(removing 41 responses) and ensuring alignment 

with the scope of the research (removing 8 
responses), the final valid dataset for processing and 
analysis in this research consists of 453 respondents. 
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This dataset meets the minimum requirement of 400 
respondents.    

4.2 Evaluation Model 

Partial Least Squares (PLS) analysis, 
conducted using SmartPLS, the results of these 
calculations are illustrated in Figure 1. 

 
Figure 1. PLS Result 

 
4.2.1 Outer Model  

4.2.1.1 Convergent Validity 

Convergent validity is assessed by looking 
at the loading factor. Variables are said to be valid if 
the loading factor is above 0.7 [50]. The convergent 
validity result can be seed in tabel 4 
 

Tabel 4: Convergent validity result 
Indicator Code Loading Factor 

Score 
Commitment  
CM1 0.804 
CM2 0.725 
CM3 0.772 
CM4 0.792 
Trust  
TR1 0.750 
TR2 0.825 
TR3 0.831 
Information Quality  

IQ1 0.816 
IQ2 0.794 
IQ3 0.813 
Hedonic Motivation  
HM1 0.814 
HM2 0.833 
HM3 0.816 
Positive Emotion  
PE1 0.796 
PE2 0.820 
PE3 0.807 
Satisfaction  
SA1 0.803 
SA2 0.832 
SA3 0.797 
Social Interaction  
SI1 0.808 
SI2 0.838 
SI3 0.803 
Customer Engagement  
CE1 0.785 
CE2 0.818 
CE3 0.829 

 
In Table 4, it can be observed that all 

indicators for the variable’s commitment, trust, 
information quality, hedonic motivation, positive 
emotion, user satisfaction, social interaction, and 
customer engagement have values exceeding 0.70. 
Therefore, it can be concluded that all indicators 
have successfully reflected their respective latent 
variables. 
 

4.2.1.2 Discriminant Validity 

discriminant validity will be assessed based 
on cross-loading. The criterion for conducting 
discriminant validity is that the indicator values for 
each construct should be higher than those for other 
constructs [50]. 

Tabel 5: Cross-loading result 
  Commitment Customer 

Engagement 
Hedonic 
Motivation 

Information 
Quality 

Positive 
Emotion 

Satisfaction Social 
Interaction 

Trust 

CE1 0.565 0.785 0.608 0.443 0.552 0.592 0.555 0.460 

CE2 0.654 0.818 0.622 0.572 0.581 0.644 0.633 0.546 

CE3 0.625 0.829 0.614 0.585 0.557 0.591 0.626 0.515 

CM1 0.804 0.578 0.590 0.557 0.595 0.581 0.548 0.566 

CM2 0.725 0.548 0.462 0.508 0.477 0.526 0.467 0.525 

CM3 0.772 0.608 0.595 0.493 0.538 0.582 0.541 0.515 
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CM4 0.792 0.616 0.618 0.572 0.557 0.575 0.559 0.576 

HM1 0.621 0.614 0.814 0.551 0.578 0.568 0.560 0.513 

HM2 0.623 0.618 0.833 0.564 0.605 0.619 0.614 0.552 

HM3 0.567 0.634 0.816 0.591 0.651 0.678 0.649 0.561 

IQ1 0.570 0.487 0.556 0.816 0.536 0.558 0.513 0.609 

IQ2 0.545 0.570 0.546 0.794 0.555 0.555 0.535 0.613 

IQ3 0.554 0.542 0.576 0.813 0.588 0.592 0.584 0.586 

PE1 0.528 0.539 0.587 0.521 0.796 0.563 0.532 0.500 

PE2 0.669 0.622 0.644 0.628 0.820 0.625 0.621 0.586 

PE3 0.482 0.509 0.566 0.517 0.807 0.559 0.528 0.494 

SA1 0.619 0.589 0.645 0.622 0.605 0.850 0.598 0.582 

SA2 0.571 0.604 0.598 0.553 0.582 0.794 0.569 0.586 

SA3 0.587 0.633 0.596 0.535 0.571 0.784 0.601 0.504 

SI1 0.551 0.571 0.629 0.555 0.579 0.590 0.803 0.508 

SI2 0.607 0.656 0.640 0.569 0.617 0.606 0.832 0.561 

SI3 0.503 0.584 0.529 0.515 0.499 0.575 0.797 0.468 

TR1 0.508 0.445 0.481 0.484 0.431 0.474 0.443 0.750 

TR2 0.573 0.551 0.527 0.663 0.558 0.607 0.545 0.825 

TR3 0.611 0.505 0.579 0.630 0.579 0.567 0.529 0.831 

In Table 5 above, it can be seen that each 
indicator in the constructs has a higher value 
compared to other constructs. This indicates that 
each indicator is distinct and contributes to the 
model, making the indicators valid based on the 
results of the discriminant validity test using cross-
loading values. In addition to cross-loading values, 
discriminant validity can also be measured using the 
Average Variance Extracted (AVE) test. This test is 
used to evaluate the accuracy of a measurement tool 
by examining the variance of each indicator within 
the construct. The criterion for AVE measurement is 
that the AVE value must exceed 0.5.   
 

Tabel 6: Average Variance Extracted Result 

Variables AVE 

Commitment 0.599 
Customer Engagement 0.658 
Hedonic Motivation 0.674 

Information Quality 0.653 
Positive Emotion 0.652 
Satisfaction 0.656 

Social Interaction 0.657 
Trust 0.645 

 

From the tabel 6 above, it can be seen that 
all variables used have an Average Variance 
Extracted (AVE) value greater than 0.50. Therefore, 
it can be concluded that all variables are valid and 
suitable for use.   

4.2.1.3 Composite Reliability 

Composite reliability and Cronbach's alpha 
are used to measure the reliability of the constructs 
in reflecting the variables. A variable is considered 
consistent and reliable if the Cronbach's alpha value 
is greater than 0.7 and the composite reliability value 
is greater than 0.7 [51]. 
 

Tabel 7: Composite Reliability and Cronbach’s Alpha 
Result 

Variabel Nilai 
Composite 
reliability  

Cronbach’s 
Alpha 

Commitment 0.856 0.776 
Customer 
Engagement 

0.852 0.740 

Hedonic 
Motivation 

0.861 0.759 
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Information 
Quality 

0.849 0.734 

Positive 
Emotion 

0.849 0.736 

Satisfaction 0.851 0.736 

Social 
Interaction 

0.852 0.740 

Trust 0.845 0.726 
Based on the results in table 7, it can be 

seen that the composite reliability and cronbach’s 
alpha values for all constructs meet the required 
criteria, where all values are above 0.70. Therefore, 
all constructs demonstrate good reliability. 
 
4.2.2 Inner Model  

4.2.2.1 R-Square 

R-Square is used to determine the ability of 
the independent variable to explain the dependent 
variable. R-Square value can be said to be moderate 
if it has a value between 0.05 – 0.075 and if the value 
is greater than 0.75, it has strong influence in 
predicting independent variables [50].  
 

Tabel 8: R-Square Result 

Variabel R Square (R2) Kriteria 
Customer 
Engagement 

0,687 Moderat 

Positive 
Emotion 

0,546 Moderat 

Satisfaction 0,625 Moderat 
 

Based on the output in tabel 8, it can be seen 
that the R-Square value for customer engagement is 
0.687, which mean that the customer engagement 
variable can be explained by the hedonic motivation, 
positive emotion, satisfaction, and social interaction 
variables by 68.7%. Meanwhile, 31.3% is explained 
by variables outside this study, which illustrated that 
variables used have a moderate correlation.  

 
While positive emotion has a value of 

0.546, which means that the positive emotion 
variable can be explained by commitment and trust 
by 54.6% and 45.4% by variable outside this study, 
which illustrates that the variables used have a 
moderate correlation. 

 
Furthermore, the satisfaction variable has a 

value of 0.625, which means that the satisfaction 
variable explained by commitment, trust, 
information quality by 62.5% while the 37.5% 
explained by variable outside this study, which 

illustrates that the variables used have a moderate 
correlation. 

4.2.2.2 Q-Square 

The Q-Square test is performed to see the 
predictive relevance. Predictive relevance is done 
using a blindfolding procedure that can show the 
value > 0, it can be concluded that the observation 
value has a good value. Meanwhile, if the Q-Square 
value < 0 then the observation value has a poor value 
[52]. 
 

Tabel 9: Q-Square Result 

Variabel SSO SSE Q2 (=1-SSE/SSO) 
Commitment 1.812.000 1.210.003 0.332 
Customer 
Engagement 1.359.000 931.245 0.315 
Hedonic 
Motivation 1.359.000 890.979 0.344 
Information 
Quality 1.359.000 941.137 0.307 
Positive 
Emotion 1.359.000 943.755 0.306 
Satisfaction 1.359.000 933.197 0.313 
Social 
Interaction 1.359.000 934.286 0.313 
Trust 1.359.000 955.474 0.297 

 
Based on Q-Square test relust in tabel 9, it 

can be seen that all variables have an observation 
value > 0, so that all variables have good predictive 
relevance.  
 
4.2.3 Path Coefficient and Hypothesis Result 

The calculations are performed using the 
bootstrapping procedure in SmartPLS. The results of 
the bootstrapping calculations are shown in Figure 2. 

 

 
Figure 2. Bootstraping Result 

 
Calculation results as can be seen below. 
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Tabel 10: Path Coefficient 

Hypothesis Path Coefficient 
Commitment -> Positive 
Emotion 0.476 
Commitment ->Satisfaction 0.397 
Trust -> Positive Emotion 0.322 
Trust -> Satisfaction 0.198 
Information Quality -> 
Satisfaction 

0.284 

Hedonic Motivation -> 
Customer Engagement 

0.271 

Positive Emotion -> 
Customer Engagement 

0.104 

Satisfaction -> Customer 
Engagement 

0.269 

Social Interaction -> 
Customer Engagement 

0.277 

 

From the results in table 10, it can be 
observed that the path coefficient values for the 
direct effect are above 0 and close to 1. This 
indicates that all relationships between variables in 
this study have a positive correlation.  

 
 
 
 
 
 
 
 
 
 
 
 

 

Tabel 11: Hypothesis Test Result 
Hypothesis T-Statistic P-Values Result 
H1 Commitment -> Positive Emotion 8.663 0.000 accepted 
H2 Commitment -> Satisfaction 7.271 0.000 accepted 
H3 Trust -> Positive Emotion 5.758 0.000 accepted 
H4 Trust -> Satisfaction 3.586 0.000 accepted 
H5 Information Quality   -> Satisfaction 5.159 0.000 accepted 
H6 Hedonic Motivation   -> Customer Engagement 4.045 0.000 accepted 
H7 Positive Emotion -> Customer Engagement 1.979 0.048 accepted 
H8 Satisfaction -> Customer Engagement 4.561 0.000 accepted 
H9 Social Interaction -> Customer Engagement 5.096 0.000 accepted 

Based on the data analysis results in table 11, the 
hypothesis analysis can be described as follows: 
 
[H1] Commitment has a significant effect on 
Positive Emotion in AIGC on social media. 

With a path coefficient of 0.476, T-Statistic of 
8.663, and p-value of 0.000, H1 is accepted. 
Customers who feel committed to brands using 
AIGC experience increased positive emotions. This 
research shows that the increased willingness of 
customers to stay connected, interact, and care for 
brands using AIGC can evoke positive emotion. This 
is due to the content displayed through AIGC on 
social media platforms like TikTok and Instagram 
able to entertains and provides a relaxing feeling. 
This relationship is formed because the 
psychological condition that triggers commitment to 
a brand also triggers positive emotion [11].  

Therefore, the use of AI-generated content 
(AIGC) for creating social media content is highly 
recommended, given its ability to produce content 
that aligns with customer preferences. This allows 
businesses to reduce concerns regarding content 

alignment with their brand and target audience. Such 
an approach can help address the issue of low 
engagement on social media platforms, particularly 
TikTok and Instagram, which is often caused by 
content irrelevance to customers’ interests and 
needs. 

 
[H2] Commitment has a significant effect on 
Satisfaction in AIGC on social media. 

With a path coefficient of 0.397, T-Statistic of 
7.271, and p-value of 0.000, H2 is accepted. An 
increase in commitment when viewing AIGC 
offered by brands on social media will add value to 
satisfaction. The research shows that customer's 
willingness to maintain sustainable relationships 
with brands using AIGC will contribute to overall 
satisfaction and increase customers' desire to 
recommend products or services on social media, 
whereas TikTok and Instagram. The significant 
effect is consistent with previous research, where the 
willingness of customers to maintain long-term 
relationships and continue to interact with a brand 
gives satisfaction [9]. 
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By generating content that is both relevant and 
tailored to audience preferences, businesses are 
better positioned to foster long-term relationships 
founded on meaningful interaction and perceived 
care. This approach not only contributes to increased 
overall customer satisfaction but also stimulates 
positive word-of-mouth, particularly on dynamic 
platforms such as TikTok and Instagram. 
Consequently, AI-generated content (AIGC)-driven 
marketing strategies can be strategically leveraged to 
enhance customer loyalty and deepen engagement. 
 
[H3] Trust has a significant effect on Positive 
Emotion in AIGC on social media. 

With a 0.322 path coefficient, a 5.758 T-
Statistic, and a p-value of 0.000, so H3 is accepted. 
The development of trust in AIGC from brands 
enhances customers' positive emotions, is 
confidence in content creation fosters positive 
expectations. Trust in both the process and the 
content helps customers feel more relaxed in AIGC. 
However, the finding is different from previous 
research, that trust does not directly affect positive 
emotion. This discrepancy develops because 
positive emotion is inherently independent and 
requires companies to ensure that every customer 
interaction remains enjoyable to sustain engagement 
and satisfaction [9]. 

To evoke positive emotions, such as feelings of 
entertainment, relaxation, and trust toward the 
presented content, businesses that utilizing AI-
generated content (AIGC) must carefully consider 
the extent to which customer data is used in the 
content creation process. This is essential to ensure 
that all produced content remains ethical and does 
not violate customer privacy. The use of customer 
data without explicit consent should be strictly 
avoided to maintain the trustworthiness of the 
content. By creating transparent and ethically sound 
content, businesses can strengthen emotional 
connections with customers on social media 
platforms. 
 
[H4] Trust has a significant effect on Satisfaction 
in AIGC on social media. 

With a 0.198 path coefficient, a 3.586T statistic, 
and a 0.000 p-value, so H4 is accepted. The trust 
experienced develop when viewing AIGC displayed 
by brands on social media adds value to satisfaction. 
The trust not only boosts satisfaction but also 
encourages customers to recommend products or 
services. It is aligned with previous research, where 
trust significantly influences satisfaction. 
Companies must prioritize developing trust to 
increase engagement, as confidence in the 

technology used fosters satisfaction. When 
customers trust AIGC, so they are more likely to feel 
satisfied [9], [53]. 

Although customers may be aware that their 
data is utilized in the creation of AI-generated 
content (AIGC), businesses must still ensure 
transparency in its use, given that many customers 
remain uncertain about the extent to which their data 
is being leveraged. By fostering strong trust, 
businesses can expand their market reach, as 
customers who feel confident in a brand are more 
likely to recommend its products or services to 
others. 
 
[H5] Information Quality has a significant effect 
on Satisfaction in AIGC on Social Media   

With a 0.284 path coefficient, a 5.159 T-
Statistic, and a 0.000 p-value, H5 is accepted. High-
quality AIGC such accurate, relevant, and reliable 
and able to enhance satisfaction. The significant 
effect between information quality and satisfaction 
is supported by previous research [26], [38] 
satisfaction. The research showed that social media 
success heavily depends on the quality of the 
information provided; if the information provided is 
inconsistent, customers will not derive value from 
the information, leading to a decrease in customer 
satisfaction.  

The use of AI-generated content (AIGC), which 
can produce accurate, relevant, and reliable content, 
helps ensure that customer expectations are met and 
provides satisfaction when engaging with social 
media content. This allows businesses to alleviate 
concerns regarding unclear or insufficient 
information delivery. However, to maintain the 
appeal of the content, businesses using AIGC must 
ensure that the input keywords are appropriate, 
specific, and unambiguous so that the information 
provided offers added value, such as being useful 
and accurate, thereby supporting informed decision-
making. 
 
[H6] Hedonic Motivation has a significant effect 
on Customer Engagement in AIGC on Social 
Media   

With a 0.271 path coefficient, a 4.045T-
Statistic, and a 0.000 p-value, so H6 is accepted. 
Enjoyment and enthusiasm from viewing AIGC 
encourage active engagement, especially on 
platforms like TikTok and Instagram. When 
customers find content entertaining, they interact 
more, leading to increased engagement. In line with 
previous studies, where satisfaction drives customer 
participation [40]. Customer engagement on social 
media is based on the pleasure and enjoyment 
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experienced. The customers feel their emotional 
needs are met and enjoy the experience, which will 
encourage positive attitudes, such as more frequent 
visits and repeat purchases [26]. 

Based on this study, it is found that AI-
generated content (AIGC) can enhance hedonic 
motivation by providing content accompanied by 
visuals that attract customers’ attention and offer 
enjoyment, whether simply to pass leisure time or to 
shop through social media platforms, particularly 
TikTok and Instagram. Consequently, the pleasure 
and excitement experienced by customers when 
viewing various AIGC encourage them to actively 
interact with the content, especially on TikTok and 
Instagram, ultimately fostering customer 
engagement. 

 
[H7] Positive Emotion has a significant effect on 
Customer Engagement in AIGC on Social Media 

With a 0.104 path coefficient, 1.979 T-Statistic, 
and 0.048 p-value, sp H7 is accepted. AIGC on 
social media platforms such as TikTok and 
Instagram engage positive feelings and encourage 
active engagement. Entertaining and relaxing 
content aligns with customers' humor and fosters 
interaction, in line with the prior study, where the 
increase in positive emotions develop the likelihood 
of customers interacting, which leads to 
engagement. Therefore, companies have to ensure 
every interaction is according on a pleasant 
experience [9], [29].  

By creating entertaining content that aligns with 
customers' sense of humor, AI-generated content 
(AIGC) can help prevent customer boredom caused 
by monotonous social media marketing content. The 
ease of producing diverse content ideas and themes 
based on given keywords enables businesses to 
create various product descriptions, images, and 
marketing videos. Moreover, the support in 
generating entertaining content tailored to 
customers' humor preferences encourages active 
customer interaction, which in turn enhances 
customer engagement. 
 
[H8] Satisfaction has a significant effect on 
Customer Engagement in AIGC on Social Media   

With a 0.269 path coefficient, 4.561 T-Statistic, 
and 0.000p-value, so H8 is accepted. Higher 
customer satisfaction leads in developing 
engagement, such as satisfied customers are more 
likely to interact actively. AIGC is essential to 
enhance engagement fulfill customer expectations 
and provide enjoyable content. When customers feel 
satisfied, they are motivated to recommend products 
or services, which leads to more frequent 

interactions. It aligns with previous research [9], 
[19], where satisfaction significantly impacts 
engagement in social media. 

In this context, the use of AI-generated content 
(AIGC) can be an effective strategy for businesses to 
enhance customer engagement. This is driven by the 
feelings of satisfaction, fulfillment of expectations, 
and the willingness of customers to recommend 
products or services to others when exposed to 
AIGC, which directly stimulates active interaction 
and ultimately increases customer engagement. 
Therefore, it can be concluded that the use of AIGC 
has been proven capable of fulfilling customer 
satisfaction, which helps prevent the decline of 
interaction on social media and addresses the 
decrease in customer engagement. 

 
[H9] Social Interaction has a significant effect on 
Customer Engagement in AIGC on Social Media 

With a 0.277 path coefficient, 5.096 T-
Statistis, and 0.000 p-value, so H8 is accepted. AIGC 
facilitates customer connections and fosters positive 
engagement on social media. Social interaction 
development enhances engagement, where 
customers rely on social platforms to interact with 
others and make purchasing decisions. In line with 
[26], where higher social interaction leads to greater 
engagement. Additionally, interactive dialogues 
give valuable insights for brand to refine content 
strategies and develop customer engagement [19], 
[42]. Thus, engaging meaningful social interactions 
through AIGC can drive stronger engagement. 

Given the interactive nature of social 
media, the ease with which AI-generated content 
(AIGC) can respond to the market more quickly 
helps ensure that interactions on social media remain 
active. Sustained interaction increases activity on 
social media and fosters joyful exchanges among 
customers, which ultimately contributes to enhanced 
customer engagement. 
 
5. CONCLUSIONS 

5.1 Overall Interpretation 

After conducting the research on "The Influence 
of AI-Generated Content in Enhancing Customer 
Engagement on Social Media" using the Partial 
Least Square (PLS) method with SmartPLS 4 
software, this study utilized 453 valid datasets. The 
respondents were residents of DKI Jakarta who had 
purchased products marketed through social media 
(TikTok and Instagram) using AI-generated content. 
The reaearch found that the strategic use of AIGC 
enhances social media’s effectiveness in supporting 
marketing activities.   
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The findings show that all proposed 

hypotheses were accepted, with the following 
results: Commitment significantly influences 
positive emotion in AIGC on social media, with a T-
Statistic of 8.663 and a P-Value of 0.000. 
Commitment also significantly influences 
satisfaction, with a T-Statistic of 7.271 and a P-
Value of 0.000. Trust significantly influences 
positive emotion, with a T-Statistic of 5.758 and a P-
Value of 0.000, and satisfaction, with a T-Statistic of 
3.586 and a P-Value of 0.000. Information quality 
significantly influences satisfaction, with a T-
Statistic of 5.159 and a P-Value of 0.000. Hedonic 
motivation significantly influences customer 
engagement, with a T-Statistic of 4.045 and a P-
Value of 0.000. Positive emotion significantly 
influences customer engagement, with a T-Statistic 
of 1.979 and a P-Value of 0.048. Satisfaction 
significantly influences customer engagement, with 
a T-Statistic of 4.561 and a P-Value of 0.000. Social 
interaction significantly influences customer 
engagement, with a T-Statistic of 5.096 and a P-
Value of 0.000. 

The research indicates that AI-generated 
content (AIGC) enhances customer engagement. 
Brand should not only utilize AIGC but optimize it, 
focusing on factors that drive engagement, 
particularly social interaction. AIGC allows 
businesses to create content quickly while aligning 
with customer preferences, maintaining interactive 
dialogue, and enhancing social media experiences. 
Another key factor is hedonic motivation, as 
unappealing content can hinder engagement. Brand 
can leverage AIGC to improve visual quality and 
incorporate entertainment and creativity.  

 
This research makes a significant scientific 

contribution to the realm of digital marketing, 
especially in the utilization of AI Generated Content 
(AIGC) in increasing customer engagement on 
social media. In contrast to previous studies that 
have focused on general perceptions of AIGC 
globally [29], [33], this study builds and tests a 
conceptual model based on psychological variables 
such as trust, satisfaction, commitment, and positive 
emotion in the context of Indonesian users. The 
present study also focuses on two dominant 
platforms, TikTok and Instagram, which have rarely 
been the focus of empirical literature. Furthermore, 
the utilisation of a PLS-SEM-based quantitative 
approach facilitates a more precise estimation of the 
relative contribution of each factor to customer 
engagement. Consequently, this study enhances the 

existing literature on AIGC by offering localized and 
applicable empirical insights for emerging markets. 

 
Although positive emotion influences 

engagement, its impact is lower than satisfaction. 
While AIGC on TikTok and Instagram helps prevent 
boredom, customer responses to its ability to provide 
relaxation and humor are moderate. As a result, 
positive emotion is not an effective intervening 
variable for commitment and trust. Businesses 
should instead focus on satisfaction. To enhance 
satisfaction, businesses should prioritize 
strengthening commitment by aligning content with 
customer preferences, followed by ensuring high-
quality content. Building trust is also crucial, 
considering concerns about data usage and potential 
bias in AIGC. This approach will improve the 
customer experience by fulfilling expectations and 
increasing satisfaction. 

 
The findings of this study successfully 

achieved the initial objective, which was to identify 
and measure the influence of factors such as 
commitment, trust, satisfaction, and others on 
customer engagement through AI-generated content. 
Empirical evidence has demonstrated the 
significance of all proposed hypotheses, thereby 
indicating that AIGC possesses considerable 
potential in enhancing customer engagement on 
social media platforms. This finding is consistent 
with the conclusions of recent studies [9], [29], [33], 
which emphasise the role of AIGC in facilitating a 
more personalized and efficient customer 
engagement. However, in contrast to studies that 
address issues of ethics and content authenticity 
[23], this study has not examined these negative 
impacts directly. Consequently, it is proposed that 
subsequent research should encompass components 
of users' perceptions of the credibility and originality 
of AI content, and extend the sample coverage 
beyond Jakarta to enhance the generalizability of the 
results. 
 

The findings of this study successfully 
address the two main research objectives: 
identifying the factors that influence the use of AI-
generated content (AIGC) on social media in relation 
to customer engagement and assessing their impact. 
Analysis using PLS-SEM revealed that 
commitment, trust, satisfaction, information quality, 
hedonic motivation, positive emotion, and social 
interaction all significantly influence customer 
engagement. Satisfaction and social interaction 
emerged as the most influential factors, while 
positive emotion had a relatively lower impact and 
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was less effective as a mediating variable between 
commitment/trust and engagement. These results 
highlight the strategic value of AIGC in enhancing 
customer engagement on platforms like TikTok and 
Instagram. Therefore, businesses should optimize 
customer satisfaction by aligning content with user 
preferences, ensuring content quality, and 
establishing credibility. This study also contributes 
meaningfully to the digital marketing literature by 
providing localized empirical insights into the role 
of AIGC in emerging markets, contrasting with 
previous global-focused studies.  

5.2 Implications 

The study highlights the crucial role of AI-
generated content (AIGC) in enhancing customer 
engagement on social media, such as TikTok and 
Instagram. AIGC enables brands to create content 
related to customer preferences. Brands must focus 
on producing relevant content and fostering long-
term, interactive relationships with customers. AIGC 
effectively aims to lower engagement by generating 
content that matches customer interests and needs.   

 
Commitment plays a key role in increasing 

satisfaction using AIGC on social media. When 
customers feel committed to brands using AIGC, 
their satisfaction rises, leading to stronger brand 
relationships. Brands can leverage AIGC to create 
content which related to customer preferences, 
fostering loyalty and engagement. Interactive AIGC-
based marketing strategies encourage customers to 
recommend products or services, mostly on TikTok 
and Instagram.   

 
Trust significantly impacts positive 

emotions and satisfaction in AIGC on social media. 
Customers who trust AIGC experience greater 
satisfaction. The brand should ensure AIGC is 
managed ethically, as trustworthy content 
strengthens emotional connections and develops 
recommendations. The trust manage in AIGC 
information carefully helps meet customer 
expectations and enhances brand perception.   

 
Information quality plays an essential role 

in customer satisfaction with AIGC. Accurate, 
relevant, and reliable content fulfills customer 
expectations, also enhances satisfaction. The brand 
should optimize AIGC inputs by using appropriate 
and specific keywords. High-quality information 
adds value, aids decision-making, and develops 
engagement. To ensure AIGC produces informative 
content helps brands maintain audience interest and 
satisfaction.   

 
Hedonic motivation is a key engagement 

driver with AIGC. Customers who enjoy and find 
AIGC content entertaining are more likely to 
engage. A major barrier to engagement is not 
appealing content, like poor visuals or low-quality 
editing. AIGC helps overcome it by producing 
visually appealing and engaging content, especially 
on TikTok and Instagram. Exciting and entertaining 
content encourages active participation and boosts 
engagement.   

 
Positive emotions enhance customer 

engagement with AIGC. Brands should use AIGC to 
create humorous and entertaining content that aligns 
with customer preferences and prevents boredom. 
AIGC's ability to generate diverse themes and 
creative ideas helps brands produce dynamic product 
descriptions, images, and marketing videos. 
Engaging and interactive content develops active 
customer interaction and increases engagement.   

 
Customer satisfaction is crucial to driving 

engagement with AIGC. When satisfied, customers 
are more likely to engage and recommend products 
or services. AIGC helps brands sustain engagement 
to fulfill customer satisfaction and prevent 
disengagement. It also helps counteract decreased 
social media engagement with relevant and high-
quality content.   

 
Social interaction enhances significantly 

engagement with AIGC. The interaction increased 
while viewing AIGC content fosters engagement 
and makes it crucial for brands to align marketing 
strategies with customer interests. The speed and 
adaptability of AI-assisted content creation help 
brands stay relevant to trends and ensure continuous 
engagement. AIGC’s ability to adjust to market 
changes encourages enjoyable social interactions, 
driving higher activity and engagement.  

  
The research found a positive emotion is 

not the primary mediator among commitment and 
trust in AIGC-driven engagement. While customers 
committed to brands using AIGC may have positive 
emotions and trust, positive emotions do not drive 
direct engagement. However, commitment and trust 
still play a direct role in customer engagement. To 
address this, brand using AIGC for social media 
marketing should carefully curate content ideas to 
keep customers engaged. Rather than focusing solely 
on positive emotions, businesses should prioritize 
creating content that meets customer expectations 
and satisfaction. Reliable AIGC-generated content 
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enhances satisfaction and encourages active 
engagement.   

5.3 Limitation and Future Work 

The main purpose of this research is to 
explore the use of AIGC, especially in creating 
content on social media, considering the many 
obstacles felt by business in the process of creating 
content that suits their customers. However, this 
research is not free from shortcomings, some of the 
main limitations that arise in this research are the 
scope of the research implementation. First, the scope 
is too focused on customer behavior and perceptions, 
such as commitment, trust, satisfaction, positive 
emotion, social influence, and hedonic motivation. 
This in-depth focus on psychological and social 
aspects led to the neglect of technology, models, and 
training parameters that can also affect the final 
quality of the resulting AIGC. 

 
Whilst the present study contributes to the 

understanding of the influence of using AI Generated 
Content (AIGC) on customer engagement, there are 
several open issues that require further study. The 
present study is confined to the DKI Jakarta area; 
consequently, the results obtained should be 
generalized with caution, as they may not be 
representative of national or global populations. 
Furthermore, the present study did not directly 
explore user perceptions of the authenticity and 
credibility of AI-generated content, which, in other 
studies, have been shown to influence user 
engagement [23]. The study was also cross-sectional 
in nature, which precluded the observation of changes 
in engagement over time. Moreover, the study did not 
undertake a direct comparison of human-generated 
content with AI-generated content, nor a combination 
of both. Further exploration is required into other 
aspects, including but not limited to the ethical use of 
data, the issue of over-personalization, and the 
phenomenon of trust fatigue resulting from the use of 
AI. Consequently, future research is expected to 
extend the geographical and thematic scope, and to 
employ longitudinal and mixed-method approaches, 
with a view to generating a more comprehensive 
understanding. 

 
In addition, this study only touched on the 

potential and basic characteristics of AIGC and user 
responses, so it has not fully explored how variations 
in content such as text, photos, and videos can 
influence preferences and engagement, especially in 
different industry contexts. Therefore, future research 
is expected to expand the scope of the study by 

integrating the analysis results of the systems used in 
AI technologies used in content creation. This 
interdisciplinary approach allows for a more in-depth 
mapping. Thus, this understanding can open up 
opportunities in the development of a more adaptive 
AIGC system. 
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