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ABSTRACT 
 

The aim of the research is to analytically determine and assess the impact of artificial intelligence (AI) on 
the global competitiveness of labour markets across the world, the United States, the European Union (EU), 
and China. It also implies the assessment of the impact of the AI development on the global 
competitiveness of the labour market of the information technology (IT) industry. The research employed 
the methods of regression analysis, pairwise correlation analysis, and calculation of the dynamics of 
changes in the studied indicators. The correlation is 0.87 for the world and 0.88 for China, indicating a 
strong impact of AI on GDP in these regions. In contrast, the figure is 0.53 for the EU, indicating a weaker 
relationship. The results of the regression analysis give grounds to state that the tendency to increase 
unemployment against the background of the AI growth is observed only in the USA and the EU. 
Therefore, it can be argued that AI is having a noticeable impact on economic performance in the US, 
China, and the world in general among countries that have not been studied. At the same time, its influence 
in the EU is less pronounced despite the fact that GDP is the result of the activity of all labour markets. An 
important area of further research should be the study of the global competitiveness of labour markets in 
India, the Middle East and Africa, which may open up new opportunities for understanding the dynamics of 
employment and economic development in these regions. 

Keywords: Competitiveness, Correlation, Investment In AI, Regression, Unemployment Rate In The IT 
Industry.  

 
1. INTRODUCTION  
 
1.1. Relevance 

The global labour market is a complex 
system of socio-economic relations at the 
international level, which constantly undergoes 
dynamic transformations caused by changing 
factors of the modern environment. That is why it is 
necessary to carefully study and manage it, examine 
its competitiveness in order to effectively adapt to 
new challenges and trends. The priority direction of 
the development of the labour market is the 

formation of high-tech and knowledge-intensive 
production, which will contribute to the 
strengthening of global competitiveness and ensure 
further employment growth. 

The AI development leads to significant 
changes in the structure of jobs, requiring a 
thorough study and effective management of the 
labour market in order to ensure sustainable 
economic development and social stability in view 
of the technological revolution. Rapid technological 
progress poses new challenges for governments, 
employers and workers, as it is necessary to adapt 
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education and retraining systems in time, develop 
appropriate regulatory mechanisms and social 
guarantees to mitigate the negative consequences of 
automation and robotization, and create a 
favourable environment for productive use of the 
advantages of digital transformation in the public 
interest. 

In 2024, ignoring the issue of introducing 
AI into economic processes around the world 
reached a point that determined the global debate. 
On the one hand, such a rapid AI development 
affects the rapid growth of technological progress. 
On the other hand, AI affects the labour market and 
global competitiveness as new professions emerge 
and others rapidly disappear. Moreover, AI actively 
competes in the labour market as well. The 
development of generative artificial 
intelligence (GenAI) undoubtedly brings both 
significant opportunities and serious challenges for 
the global labour market. 

The Goldman Sachs [1] notes that while 
these technologies have the potential to create new 
jobs and increase overall productivity, they also 
threaten the automation of around 300 million 
existing jobs. Similarly, British Telecom [2] plans 
to cut 55,000 jobs by 2030, with 10,000 of those 
jobs potentially being replaced by AI. These 
alarming trends require a comprehensive approach 
from employers, governments and society in 
general to mitigate the potential socio-economic 
consequences of rapid automation and ensure 
balanced development of the labour market in an 
era of transformation caused by revolutionary 
technological innovations. 

 
1.2. Unexplored issues 

The review of various literature gave 
grounds to conclude that the impact of AI on the 
global competitiveness of labour markets is poorly 
covered. The situation on the labour market is 
analysed for a separate state only, there is no 
comparison between the markets of different 
countries at the global level. 

 
1.3. Aim 

The aim of the research is to analytically 
determine and assess the impact of AI on the global 
competitiveness of labour markets throughout the 
world. 

 
1.4. Objectives/questions 

The aim was achieved through the 
fulfilment of the following research objectives: 

1) analyse the dynamics of the 
development of the global labour market based on 

the unemployment rate, taking into account the 
dynamics of the AI investment volume; 

2) study the dynamics of the labour market 
development of the IT industry at the global level; 

3) identify a correlation between AI 
investment and GDP and between AI investment 
and the unemployment rate; 

4) assess the quantitative impact of the AI 
development on the global competitiveness of 
labour markets. 

 
2. LITERATURE REVIEW  
 

Recent AI advances could significantly 
impact established perceptions of the risks of 
automation and job loss. The beginning of a new AI 
development wave can be traced back to around 
2011, when the field of machine learning — a field 
of computational statistics that applies forecasting 
methods based on the analysis of unstructured data 
— has become significantly popular. This progress 
has made it possible to implement AI technologies 
in a wide range of industries and practical 
application scenarios. Along with the automation of 
individual routine operations, modern AI systems 
demonstrate growing capabilities in analytics, 
decision-making and solving complex tasks, which 
goes beyond traditional ideas about the 
consequences of technological progress for the 
employment of the population. Rethinking the 
impact of automation on the labour market in the 
context of rapid innovations in the field of AI is an 
important task for academics, politicians and 
society in general in order to develop adequate 
strategies and policies in this field [3], [4]. 

The discourse that has developed among 
leading economists and political figures regarding 
the previous stages of the development of 
automation technologies indicates a general 
consensus in terms of the labour market prospects. 
It is generally accepted that the demand for human 
labour will remain high, as new technologies and 
means of automation act as a complement to human 
labour rather than a substitute for it. The 
introduction of innovative technological solutions 
not only contributes to the creation of new jobs, but 
also increases overall productivity, which in turn 
leads to an increase in aggregate demand for 
employees. So, the consensus among leading 
experts is that automation and the introduction of 
the latest technologies do not pose a threat to the 
labour market, but, on the contrary, are a catalyst 
for its further development and diversification [5]. 

It is an indisputable fact that the 
development and implementation of AI 
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technologies, despite their numerous advantages 
and significant potential in various fields, can cause 
a disproportionate and negative impact on those 
socio-economic groups that have historically faced 
the greatest difficulties in the labour market. The 
authors [6] even note that it is the development and 
intensified use of IT that will contribute to the 
reduction of crime. At the same time, the reseachers 
in [7] explore the development of the e-commerce 
services market. This is the result of the 
development of the technological market and the 
expansion of the global labour market. It should be 
noted that there are currently widespread studies of 
the impact of digitalization and AI on various 
management tools [8] and different sectors of the 
economy [9]. 

Researchers and analysts are increasingly 
emphasizing the need for thorough comprehensive 
research aimed at identifying and eliminating 
gender and racial biases in AI systems. Real 
balanced progress can be achieved only if social, 
ethical and regulatory aspects are fully taken into 
account that will ensure equal opportunities for all 
members of society, regardless of their social 
position or origin. Addressing this issue urgently 
should be a priority for government institutions, AI 
developers and all stakeholders interested in 
building a more just and inclusive digital future 
[10]. 

Although trends predict significant 
changes in most industries due to the rapid progress 
of generative AI systems capable of performing 
complex cognitive tasks, recent studies on the 
gender impact of AI indicate that occupational 
segregation remains a serious and unresolved 
problem that causes reasonable concern. The 
introduction of advanced technologies can lead to 
the transformation of traditional professions, but it 
is important to consider the social consequences of 
this process, in particular, in terms of ensuring 
equal opportunities for workers of different 
genders. A comprehensive approach to change 
management, based on a deep understanding of 
gender aspects, is necessary to minimize the risks 
of discrimination and promote fair socio-economic 
development in the context of rapid technological 
progress [11]. 

The studies [5], [12], confirm that the 
implementation of AI systems in production 
processes leads to significant shifts in the labour 
market. In particular, there is a decrease in the 
relative need for low-skilled workers, while the 
demand for highly skilled labour is increasing. This 

phenomenon is particularly noticeable in 
technologically advanced countries such as the US 
and China. Their significant investment in the AI 
lead to increased share of educated workers and a 
corresponding increase in skilled employment. 
Obviously, this will have a significant impact on 
the structure of the labour market, making it 
necessary to review approaches to training and 
retraining of the workforce in the future. 

The most acute situation is in the IT labour 
market, as such a tool as GTP chat eliminates the 
need to hire a staff of programmers. As a result, one 
employee who can correctly make requests to write 
code of any complexity is enough. Rapid 
technological progress is radically changing the 
social context of work biographies. These changes 
create new opportunities and challenges to which 
modern workers must urgently adapt [13]. In 
particular, the emergence and rapid spread of 
innovative AI systems, such as ChatGPT, 
significantly transforms the social landscape 
surrounding the professional activities of software 
engineers. ChatGPT is causing a profound 
digitalization that is radically redefining the work 
tasks and responsibilities of engineering and 
technical personnel. This necessitates 
comprehensive retraining and advanced 
qualification of specialists [14]. Moreover, 
ChatGPT can take on a number of tasks that have 
hitherto been the prerogative of software engineers, 
thereby potentially halting the career trajectories of 
some of them [15]. At the same time, these 
technological innovations are able to generate new 
types of activities or even completely new 
professions, thereby creating innovative 
employment profiles and employment opportunities 
for engineering and technical specialists [16]. All 
this leads to shifts in the global labour market and 
determines additional research on competitiveness 
in the global context. 

 
3. METHODS AND MATERIALS 
 
3.1. Research design 

The research design involves three main 
stages, which ensure the consistency and validity of 
the obtained results. Each of these stages performs 
its specific function in the overall process of 
academic analysis. The first stage involves 
determining the main trends in the development of 
the level, the second stage provides for the direct 
evaluation of the obtained results (Figure 1). 
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Figure 1: Research Stages 

 
The final — third — stage involves 

interpretation of the collected data, drawing 
conclusions and providing recommendations based 
on the conducted analysis. Therefore, it allows to 
generalize the results and evaluate their influence 
on the existing scientific paradigm. Such a 
structured approach ensures high accuracy and 
reliability of results, which is critically important 
for the research. 

 
3.2. Sampling 

The objectives were fulfilled by using, 
statistics of the USA, the EU, China, as well as the 
world in general from 2013 to 2023 on the amount 
of AI investment [17] as an indicator of the AI 
development in general, while unemployment rate 

is an indicator of the state of labour markets in 
general [18].  

In particular, the state of the labour market 
of the IT industry is analysed, as, in our opinion, 
this industry most vividly illustrates the general 
trends of competitiveness in the labour market. The 
international analytical company KPMG estimated 
the structural transformation of the labour market of 
the technology and information industry by 24%, 
which is the largest indicator among existing 
studies [19]. That is why the labour market of the 
IT industry was chosen for research. The change in 
the GDP of the specified countries in general [20], 
and GDP created by the IT industry are also 
analysed (Table 1). 

Table 1: Output Data 

AI Investment, milliard US dollars  
World USA EU China 

2013 6.01 4.21 0.62 0.72 
2014 10.94 7.97 1.37 0.76689 
2015 15.26 10.63 2.39 0.90317 
2016 19.34 11.46 5.1 1.31 
2017 28.43 15.55 7.32 2.63 
2018 46.51 22.72 15.08 2.96 
2019 61.66 33.99 14.89 6.23 
2020 67.03 37.87 17.13 5.64 
2021 132.36 79.56 23.08 12.55 
2022 95.74 50.99 12.88 11.86 
2023 85.36 56.78 9.78 6.9 

Unemployment rate  
World USA EU China 

2013 6.16 7.4 10.80 4.60 
2014 6.02 6.2 11.4 4.63 
2015 6.06 5.3 10.7 4.65 
2016 6.02 4.9 9.6 4.56 
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2017 5.93 4.4 8.7 4.47 
2018 5.77 3.9 8.2 4.31 
2019 5.59 3.7 7.4 4.56 
2020 6.6 8.1 6.8 5 
2021 6.06 5.3 6.2 4.55 
2022 5.27 3.6 6 4.98 
2023 5.12 3.6 6.4 5.1 

Unemployment rate in the IT industry  
World USA EU China 

2013 4.3 5.2 7.6 3.2 
2014 5.0 5.1 9.4 3.8 
2015 3.4 3.0 6.1 2.6 
2016 5.4 4.4 8.6 4.1 
2017 5.4 4.0 7.9 4.1 
2018 6.1 4.1 8.6 4.5 
2019 6.0 4.0 8.0 4.9 
2020 1.5 1.8 1.5 1.1 
2021 7.3 6.4 7.5 5.5 
2022 7.2 4.9 8.2 6.8 
2023 4.4 3.1 5.5 4.4 

GDP trillion US dollars  
World USA EU China 

2013 82.6 18.6 16.1 10.9 
2014 84.9 19.4 16.6 12.0 
2015 80.1 20.1 14.3 12.6 
2016 81.4 20.7 14.7 12.8 
2017 86.7 21.6 15.6 14.1 
2018 92.2 22.7 16.9 15.9 
2019 93.5 23.7 16.6 16.3 
2020 91.0 23.5 16.2 16.8 
2021 103.7 25.9 18.3 20.4 
2022 107.6 28.3 17.7 20.4 
2023 112.1 30.1 19.3 20.3 

 
Therefore, in our opinion, the selected 

sample will best demonstrate the presence or 
absence of an impact of AI on the global 
competitiveness of labour markets. The reason is 
that it includes various segments of the economy, 
which allows us to identify both positive and 
negative aspects of the integration of technologies 
into modern work processes. The variety of data 
presented, covering regions with different levels of 
development, as well as industries at different 
stages of technological progress, creates an 
opportunity for a comprehensive analysis of the AI 
impact on employment. 

 
3.3. Methods 

The first stage of the study is to determine 
the rate of growth of AI investment and the rate of 
change in the unemployment rate. This research 
method was selected due to the fact that the 
technological sector is undergoing the greatest 
structural changes in the labour market. So, the 
general state of the labour market in the country is 
analysed, as well as a separate labour market, which 
is undergoing transformations to the greatest extent. 

The second stage of the research is to 
determine a correlation between the dependent 

indicator Y and the independent indicator X based 
on the construction of two dependence models. The 
first model checks the correlation between the 
amount of GDP and the AI investment volume. The 
second model is designed to check the correlation 
between AI investment and the unemployment rate 
in general. The correlation is calculated by using 
the formula [21]: 

,     (1) 

where Х – AI investment in the world and 
the largest countries for 2013 to 2023, milliard US 
dollars. 

Y (for Model 1) – GDP in the world and 
the largest countries for 2013 to 2023, trillion US 
dollars USA; 

Y (for Model 2) — unemployment rate in 
the world and the largest countries for 2013 to 
2023.  

The next stage of the research is the 
construction of regression models by using the 
formula [22]: 

Y = β0 + β1X, (2) 
where Y –unemployment rate in the global 

labour market; 
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X — the AI investment volume, milliard 
US dollars. 

When the value of X is zero, the value of 
Y is β0 (the intercept of the line) and β1 is the 
slope, which gives us information about the 
magnitude and direction of the relationship between 
X and Y, similar to the correlation coefficient. 
When β1 = 0, there is no correlation between X and 
Y. When β1 > 0 or β1 < 0, the correlation between 
X and Y is positive or negative, respectively. 
Important assumptions of linear regression are 
normality and linearity of the resultant variable, 
independence between the two variables, and equal 
variance of the outcome variable along the 
regression line. 
 
4. RESULTS 
 

On the basis of the proposed research 
procedure, charts of the dynamics of AI investment 
in 2013-2023 and a chart of the dynamics of the 
unemployment rate were built based on data from 
the international statistical data portal Statista.com 
[18]. The charts are aimed at visual verification of 
the hypothesis of the existence of similar trends 
between the growth of the unemployment rate and 
the AI development in the world. Analysis of these 
visualizations reveals potential correlations between 
the mentioned factors. 

The first stage of the research involved 
identifying the correlation between AI and the state 
of development directly in labour markets. This 
means that the competition between AI and human 
labour is considered. The first preliminary stage 
illustrates the connection between labour markets 
and AI. 

 

 
Figure 2: Dynamics Of The Unemployment Rate And Ai Investment In 2013-2023 

 
The charts presented in Figure 2 show a 

correlation between the growth of AI investment 
and unemployment rates, especially in the USA. 
The significant increase in investment in this 
technology, which occurred in 2020, was paralleled 

by a noticeable increase in the unemployment rate. 
It is important to note that 2020 also coincided with 
the spread of the COVID-19 pandemic, which had a 
profound impact on society and the economy, 
making it necessary to find new forms of 



 Journal of Theoretical and Applied Information Technology 
28th February 2025. Vol.103. No.4 

©   Little Lion Scientific  
 

ISSN: 1992-8645                                                                    www.jatit.org                                                     E-ISSN: 1817-3195 

 
1151 

 

interaction between people during social isolation. 
The consequence was the activation of innovations 
in the field of AI, as companies needed to adapt 
their business processes to new conditions. 
However, if we look at the overall picture, it is 
worth noting that in other periods, regardless of 
2020, fluctuations in the unemployment rate did not 
acquire such a significant scale. In turn, AI 
investment show a steady upward trend from 2022, 
which raises questions about their impact on the 
labour market. In parallel, we observe that the 
unemployment rate tends to decrease at those 
moments when the AI investment volume begins to 
decrease, which indicates a possible indirect 
connection between the development of this 

technology and competitiveness in labour markets. 
These observations give grounds to draw an 
important conclusion that AI investment can 
significantly affect the employment structure, 
opening up new opportunities for the workforce in 
the era of digitization and automation. 

The next stage of the research was the 
construction of three correlation models. They aim 
to identify and analyse relationships between the 
selected variables. This step is extremely important, 
because correlation models assess the strength of 
the dependencies that exist between the elements of 
the studied system. Data for calculating the first 
correlation model are given in Table 2. 

Table 2: The Data For Calculating The First Correlation Model For The US 

Year Х Y X × Y X2 Y2 
2013 4.21 18.6 78.17128 17.7241 344.8 
2014 7.97 19.4 154.3869 63.5209 375.2 
2015 10.63 20.1 213.9819 112.9969 405.2 
2016 11.46 20.7 236.9928 131.3316 427.7 
2017 15.55 21.6 335.4291 241.8025 465.3 
2018 22.72 22.7 516.3347 516.1984 516.5 
2019 33.99 23.7 804.6113 1155.32 560.4 
2020 37.87 23.5 888.1272 1434.137 550.0 
2021 79.56 25.9 2064.502 6329.794 673.4 
2022 50.99 28.3 1443.731 2599.98 801.7 
2023 56.78 30.1 1708.851 3223.968 905.8 
Total 331.73 254.529 8,445.119 15,826.77 6,025.827 

 
Given the calculation of the correlation 

coefficient of the first model, which is r1=0.86, it 
can be confidently stated that there is a direct close 
correlation between AI investment and GDP. This 
indicator show a very pronounced correlation 
between the specified variables. It may be 
determined by the fact that significant capital 
infusions into the AI development contribute to 
increased labour productivity, optimization of 
production processes, and general economic 
growth. Such growth can be explained not only by 
the direct impact of innovative technologies on 
certain sectors of the economy, but also by their 
ability to create new markets and business models, 
which, in turn, lead to an increase in economic 
activity and the overall level of well-being of the 
national economy. So, the results of the analysis 
indicate the importance of further AI investment as 
a strategically important sector that can become a 
catalyst for economic development in the modern 
global market environment. The correlation is 
determined for the EU, China and the whole world 
in general using the same model. This indicator for 
the whole world is 0.87, for China — 0.88. 
However, this indicator is 0.53 for the EU: the 
correlation is weaker. Based on this model, it can 

be concluded that AI affects GDP in the US, 
globally and China, but to a lesser extent in the EU. 
It should also be noted that GDP is the aggregate 
result of the activity of all labour markets in the 
world, and by country, in particular. 

The second correlation model is designed 
to determine the correlation between AI investment 
and the unemployment rate in general (Table 3). 

Table 3: The Data To Calculate The Second Correlation 
Model For The USA 

Year Х Y X × Y X2 Y2 
2013 4.21 7.4 31.154 17.7241 54.76 
2014 7.97 6.2 49.414 63.5209 38.44 
2015 10.63 5.3 56.339 112.9969 28.09 
2016 11.46 4.9 56.154 131.3316 24.01 
2017 15.55 4.4 68.42 241.8025 19.36 
2018 22.72 3.9 88.608 516.1984 15.21 
2019 33.99 3.7 125.763 1155.32 13.69 
2020 37.87 8.1 306.747 1434.137 65.61 
2021 79.56 5.3 421.668 6329.794 28.09 
2022 50.99 3.6 183.564 2599.98 12.96 
2023 56.78 3.6 204.408 3223.968 12.96 
Total 331.73 56.4 1592.239 15826.77 313.18 

 
The second correlation model involves 

determining the correlation between AI investment 
and the unemployment rate. The result of the 
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evaluation of the second model is a correlation 
coefficient equal to -0.91. The correlation 
coefficient, which has a value of -0.91, indicates a 
strong negative correlation between the two studied 
variables. This means that with an increase in the 
value of one variable, there is a tendency for the 
value of the other variable to decrease, which may 
indicate an inverse relationship between them. In 
the context of statistical analysis, this number 
indicates that a change in one variable can 
significantly affect the behaviour of another, 
allowing researchers or analysts to make informed 
conclusions and predictions. Such a high level of 
correlation can have applied significance in various 
fields, such as economics, sociology, psychology, 
and the natural sciences, where it is important to 
understand the nature and strength of correlations 
between factors. The estimation of correlation 
results in the world was -0.53, for China - 0.41 and 
-0.86 for the EU. Therefore, the obtained results 
illustrate contradictory data. So, there is a very 
close inverse relationship between AI investment 
and the unemployment rate in the US and the EU. 
That is, the increase in AI investment in these states 
leads to a decrease in the competitiveness of their 
labour markets. The situation is different in China, 
as there is a relationship between unemployment 
and AI is there, but it is insignificant. So, we can 
say that AI is definitely developing very actively, 
but it has different effects on different labour 
markets in different countries. The next stage of the 
research was a regression calculation, where the 
unemployment rate on the global market is the 
dependent factor and the amount of AI investment 
is the independent factor. According to the results 
of the built model, the equations given in Table 4 
were obtained. 

Table 4: The Results Of The Estimation Of The 
Regression Model 

Region R2 Regression 
equation 

World 0.82 Y=253.07-34.29X 
USA 0.84 Y=5.68+0.0186X 
EU 0.75 Y=10.73+0.235X 
China 0.64 Y=4.56-0.023X 

 
Based on the calculations, we can 

conclude that the R2 is greater than 0.5, which 
indicates that the built model is reliable. The results 
of the assessment reveal that China has an inverse 
relationship between the increase in unemployment 
and AI investment. Such a result may be due to the 
characteristics of the Chinese national economy. 
This dependence is direct in other studied regions. 
That means that with an increase in investment by 1 

milliard US dollars, unemployment in the USA will 
increase by 0.0186 points, and in the EU — by 
0.235 points. As for the whole world in general, due 
to the presence of countries in which the 
development of AI acts as a catalyst for the 
development of new professions and new 
competitive advantages in the global labour market. 

The calculations based on the analysis of 
the impact of AI on the global competitiveness of 
labour markets give grounds to conclude that this 
impact is uneven depending on the region. In 
particular, AI has the most significant impact on the 
EU labour markets and the USA, where the active 
implementation of technologies that contribute to 
increasing labour productivity and creating new 
jobs in innovative sectors is noted. At the same 
time, when the global scale is considered, the 
impact of AI appears to be moderate and even 
insignificant for many countries that do not have 
sufficient funding or investment in this area, in 
particular a number of countries in Africa, where 
there is a lack of technological infrastructure and a 
shortage of skilled labour significantly limit the 
possibilities for the development and adaptation of 
the latest technologies. So, despite the obvious 
advantages that AI can bring in economic 
development, there is a risk of increasing inequality 
between countries that actively invest in these 
technologies and those that remain outside this 
progress. 

 
5. DISCUSSION 
 

The results of this study provide valuable 
information about the impact of AI on the global 
competitiveness of labour markets. They also 
determine the competitiveness between AI and 
human labour within labour markets. It is important 
to compare these findings with existing research in 
the field. The study by the authors [23] partially 
confirms our hypothesis regarding a significant 
impact of AI on the competition between AI and 
human labour. The impact of AI on the 
employment structure of the labour force is proven 
to reflect the uniqueness of China, as it determines 
the employment structure of the medium and high-
skilled workforce. This is consistent with existing 
research by [24], [25] demonstrating that AI can 
replace routine and repetitive tasks. This 
phenomenon, in turn, causes structural changes in 
the labour market, because there is a growing 
demand for a highly qualified workforce that has 
the skills necessary to perform more complex and 
non-standard tasks. So, adaptation to these 
technological changes becomes a key factor for 
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professional training and development of personnel 
in modern society. 

At the same time, there are studies that 
confirm our hypothesis regarding competition in the 
EU market (first correlation model r=0.53). The 
research [26], [27] shows the non-linear 
relationship between AI and the employment 
structure of the workforce. When AI exceeds a 
certain threshold of industrial structure 
optimization, its impact on the employment of high-
skilled and low-skilled labour becomes more 
pronounced. This finding supports the view that AI 
technologies are likely to augment rather than 
completely replace highly skilled workers [28]. 

At the same time, we are forced to state 
that there is not enough research on the global 
competitiveness of labour markets. However, we 
can partially note that researchers [29] indicate that 
the expansion of digital capabilities can increase 
employment. However, expansion of digital 
opportunities cannot reduce total employment, 
contrary to some studies [30], [31]. The main 
reason for this difference may be that these authors 
used all listed companies in China as their research 
sample, while our paper focuses on manufacturing 
companies. So, our study helps to enrich and refine 
research on the impact of global competitiveness on 
labour markets. 

In the process of digital transformation of 
enterprises, improving investment in R&D and 
human capital as indirect effects can significantly 
increase their overall competitiveness [32] and 
optimize the industry structure [33]. Therefore, 
companies should not worry about the costs of 
increasing human capital, as the benefits are clearly 
greater. The expansion of digital opportunities can 
improve human capital by increasing managerial 
efficiency and economies scale [34]. 

 
6. CONCLUSIONS 
 
6.1. Relevance 

The relevance of this research on AI today 
is caused by the rapid development of technologies 
and their impact on various aspects of society. In 
particular, special attention should be paid to the 
impact of AI on the global competitiveness of 
labour markets. The obtained results confirm a 
significant correlation between the AI development 
and changing trends in the global labour market. As 
a result, the relevance of this research is becoming 
more and more obvious, as society faces challenges 
that require complex solutions and effective 
strategies for adapting to new conditions. 

The performed calculations give grounds 
for making a conclusion about the uneven impact of 
AI on the global competitiveness of labour markets. 
So, AI has the greatest impact on the US and the 
EU markets (correlation coefficient -0.86 and -0.91, 
respectively). Completely different conclusions can 
be drawn from the results of calculating the AI 
impact on the competitiveness of labour markets in 
China. The conducted regression analysis confirms 
the results of the correlation analysis, as the 
development of AI has a direct impact on the 
growth of the unemployment rate in the USA and 
the EU, while it is the opposite for China. So, we 
confirm that there is competition between human 
labour and AI in the labour markets. But this impact 
is within the markets and does not determine 
changes in global competitiveness. In the world, 
this impact is moderate and insignificant given the 
global scale, because there are countries without AI 
investment. 

However, it should be noted that this study 
has a research limitation, namely, the data are used 
for the IT industry only and the world in general. It 
is promising to study not only the technological 
market of the IT industry, but also less 
technological ones, for example, the social sector or 
industry. It is also appropriate to study the global 
competitiveness of labour markets in India, the 
Middle East, and Africa in the future. 
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